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Image deblurring restoration of BP neural network
based on grey wolf algorithm
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Yinchuan 750021, China)

Abstract: In order to solve the drawbacks of traditional restoration algorithms relying on a priori
knowledge in the process of degraded image restoration, the advantages of BP neural network learning
and generalization ability is proposed to carry out degraded image restoration research. Firstly, the BP
neural network is used to recover the degraded image. Then, for the BP neural network, due to the
excessive dependence on the initial value of the network, the network convergence speed is slow and it
is easy to fall into the local minimum value. The global search ability of the grey wolf optimization al-
gorithm is used to optimize the initial parameters of the BP neural network, and the gray wolf algo-
rithm is improved by improving the convergence factor and dynamic weight to guide the population
movement. The experiment shows that the improved grey wolf algorithm optimization BP neural net-

work restoration method proposed in this paper has a high convergence speed and recovery accuracy
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compared with the Wiener filtering algorithm, LR restoration algorithm, BP neural network and

PSO-BP neural network. It has good results in the objective evaluation standard structure similarity

and peak signal to noise ratio.
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PSO-BP neural network
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Fig.1 Schematic diagram of the gray wolf algorithm
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